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Abstract

Training an effective and scalable system for medical image analysis usu-
ally requires a large amount of labeled data, which incurs a tremendous anno-
tation burden for pathologists. Recent progress in active learning can alleviate
this issue, leading to a great reduction on the labeling cost without sacrificing
the predicting accuracy too much.

In this talk, I will talk about a novel batch-mode active learning method
which explores and leverages such structured information in annotations of
medical images to enforce diversity among the selected data, therefore max-
imizing the information gain. We formulate the active learning problem as
an adaptive submodular function maximization problem subject to a par-
tition matroid constraint, and further present an efficient greedy algorithm
to achieve a good solution with a theoretically proven bound. We demon-
strate the efficacy of our algorithm on thousands of histopathological images
of breast microscopic tissues. Well conclude the talk and indicate ongoing
work in the end.
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